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A New Similarity Measure Model between Vague Sets

PENG Zu-ming', CHEN Yi-hua®
(1. College of Mathematics & Computer Science, Yangtze Normal University, Chongqing 408100;

2. College of Mathematics and Physics, Chongqging University, Chongqing 400044, China)

Abstract; The similarity measurement between vague sets is widely applied in fuzzy reasoning, pattern recognition, cluster analysis,

decision analysis, et al. This need that the similarity measure model between vague sets has a good degree of discrimination, and the

measurement results can accord with the intuition of human being. Based on this requirement, first, some analyzing was carried out

on existing similarity measure models of Vague sets, from analyzing we found that some model have the shortcoming on discrimina-

tion, and some model's measurements can't accord with the intuition of human being, et al. Secondly, a new model ( M(A, B) =

(Zm(A(I,), B(x;)))/n) of similarity measure between Vague sets was established. To illustrate the proposed model’'s merit,

i=1

two experimentations were carried out. The experimental results show that the proposed model had good discrimination, and can o-

vercome the shortcoming of existing model.

Key words: Vague sets; similarity measure; model; intuition
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