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&-strict Local Efficient Solution for Multiobjective Programming Problems

HE Yue PENG Jian-wen
Chongqing Normal University Chongging 401331  China

Abstract The article generalizes the strict efficient solution of multiobjective programming problem MOP

Dept. of Mathematics
to @-strict local efficient solu-
MOP  with inequality

tion concept thus pertains to characterize @-strict local efficient solution for multiobjective programming problems

constraints. To create the necessary framework we partition the index set of objective of MOP to give rise to subproblem RMOP
(PS5, (x") %) . D-s. les
RMOP(PS,(x") «x)

through the theorem discuss their relationship. We also generalize the strong convex function

The @-strict local efficient solution for MOP is related to the local efficient solution of a subproblem

having lesser number of objective functions with MOP. This paper will discuss their relationship. We will
put forward a new concept of convex function
—@-strongly convex function and by the strong convex function and KKT conditions to characterize @-strict local efficient solution for
MOP.

Key words multiobjective programming problems

strict local efficient solution admissible function



