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Research for the Technology of Motion Image Fast Tracking
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Abstract according to some problems such as requiring the manual intervention for motion image target detection tracking the core
window to be fixed the goal easy to lose and so on the paper proposes a method that changes the background frame difference based
on background difference frame difference and threshold value and combines with the grayscale centroid location and auto-adapted
core window width then improved the MeanShift tracking algorithm. This method can detecte all variety of moving targets in a complex
environment and carry on real-time tracking even when the target makes big changes in the scale rotation and disorder large dis-
placement situation it also can carry on the fast and accurate detection and tracking. A large number of simulation experiments show
strong real-time good adaptability and robustness.

that this algorithm has the high detection rate fewer iteration numbers

Key words image track adaptability MeanShift detection



